averaged to create a single score (MEIM-Total). Next, the seven items that reflect attitudes were assumed to be due to a single latent variable, henceforth called attitudinal ethnic identity (AEI). Last, the seven attitude items along with the remaining five behavior items were specified in a two-factor model, with the behavior items assumed to be due to a latent variable, henceforth called behavioral ethnic identity (BEI). Unlike the first approach, measurement error in the item responses was addressed by the second and third approaches that relied on latent variable models. Nine consumer behavior measures served as outcomes and included behaviors such as tending to favor a few brands. Two additional questions assessed preferences for advertisements in English and Spanish. All items were measured using a five-point ordinal scale. Structural equation models were used to fit the separate regressions for each of the consumer behaviors using as a predictor (a) MEIM-Total, (b) AEI alone, and (c) AEI and BEI together. Maximum likelihood (ML) estimation was carried out using Mplus version 6.1 (Muthén & Muthén, 1998 -2010 . Each application of the MEIM was evaluated as a predictor of the consumer behaviors, with effect size measured by adjusted R 2 , the proportion of variance accounted for in the outcome: Adjusted R 2 = (1 2 residual variance)/sample variance of Y. Two-tailed tests with Bonferroni adjustments were applied to the nine consumer behavior items (each test evaluated at a = .05/9 = .0056) and the two language preference items (each test evaluated at .05/2 = .025). ML estimates, robust standard errors, and adjusted R 2 values are given in Table 1 .
The analysis shows differences across the different uses of the MEIM with regard to statistical inference and effect size. Use of MEIM-Total and AEI as predictors yielded identical patterns of statistically significant tests. This may be due in part to the fact that 7 of the 12 MEIM items reflect attitudes. Effect size tended to be larger for AEI, however, suggesting that a latent measure of AEI is a better predictor than the total score that contains measurement error. After adding BEI as a predictor in the third model, all but one of the effects of AEI was no longer significant, suggesting that after controlling for behaviors, attitudes were not predictive of consumer behavior. Controlling for AEI, the effect of BEI was significant in 4 of the 11 regressions. Thus, after controlling for attitudes, behaviors were important in relation to only some consumer behaviors. AEI and BEI as a predictor set, however, yielded the greatest effect sizes across all regressions, suggesting that this application of the MEIM produced the best predictions. As a note, AEI and BEI had an estimated correlation of r = .60 in the third model which corresponds to 36% shared variation between the constructs. Indeed, model fit was worse for a one-factor model that was fit with all 12 items loading on one factor (Akaike Information Criterion [AIC] = 18,136) relative to the two-factor model with AEI and BEI as predictors (AIC = 18,084). These results are consistent with past studies that do not support combining MEIM items into a single dimension. These findings suggest care in how the MEIM is applied in research and that a latent variable model for ethnic identity may help to improve prediction of some outcome measures.
